THE USE OF GEOLOCATION
FOR COMPETITION ANALYSIS OF DESTINATIONS:
APPLICATION TO THE HOTEL SUPPLY IN BARCELONA

Maria D. Illescas-Manzano'
Sergio Martinez-Puertas’
Manuel Sanchez-Pérez?

DOI: https://doi.org/10.31410/tmt.2020.585

Abstract: Geolocalization and the use of geographic information systems (GIS) have become funda-
mental tools in many disciplines because they can link databases and view the geographic information
provided by these databases. Within the hotel context, geolocation and GIS can be used as tools that
from a management perspective facilitate the evaluation of the competitive level existing in a tourist
destination and from a consumer point of view facilitate their choice. This chapter tries to show the use-
fulness of geolocation through its application in the evaluation of the hotel supply in Barcelona (Spain).
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1. INTRODUCTION

owadays, technological advances are increasing the generation of geolocated information

with new sources of information such as a smartphone or social networks, that provide
new opportunities (Kitchin, 2013). In this context, the use of geolocation and Geographic Infor-
mation Systems (GIS) are relevant tools to explore intensely the abundant information currently
available in the “Big Data” era both from the perspective of researcher, professional or individ-
ual daily routine of people (Sui & Goodchild, 2011). GIS can be conceived as an effective tool
to link databases and geographic information, which allows an improvement in the analysis and
visualization of features of data by location maps. The visualization of data through maps when
we have multi-source databases in a complex process is one of the reasons for the success of the
GIS (Roig-Tierno et al., 2013). Thus, the use of GIS allows users to spatially analyze phenomena
of interest for researchers in many areas, and it has been used usually in science areas such as
soil science, (Zhu et al., 2001), climatology (Bradley, 2002), or hidrology (Frankenberger, 1999)
but less common in social science (Teixeira, 2018).

Recently, advances in the development of GIS have allowed companies and organizations to use
it increasingly (Roig-Tierno et al., 2013) and its extension to fields where researchers have little
prior knowledge of GIS (Teixeira, 2018). From a management perspective, the use of GIS help
managers in the complex decision process, like location decision of firms. In addition, due to
the increasing use of the Internet, GIS analysis is increasingly sophisticated, since we have tools
that integrate GIS with the Internet, making GIS analysis very convenient for decision-making
(Yang et al., 2014). Thus, the use of GIS makes possible a better understanding of geographical
information and it is one of the reasons for its success (Ozimec et al., 2010).
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From a theoretical perspective, the incorporation of GIS in social science research areas has
promoted that spatial variables have an increasingly relevant role as descriptive and explanatory
variables (Roig-Tierno et al., 2013).

The use of GIS in marketing research has also promoted the development of new fields such as
geomarketing, which seek to satisfy consumer needs and increase the profitability of compa-
nies through the use of GIS (Baviera-Puig et al., 2016; Hess et al., 2004) or the geocompetition
by mapping and locating a company’s competitors (Roig-Tierno et al., 2013). Thus, GIS has
become a relevant tool to achieve a competitive advantage and achieve greater efficiency in
marketing campaigns (Guarda et al., 2019).

One of the fields that generates more geolocated information and that can benefit the most from
the use of GIS is tourism (Garcia-Palomares et al., 2015). Thus, in tourism research, GIS has
been employed in tourism development analysis (Jin et al., 2019), identification of tourist hot
spots (Garcia-Palomares et al., 2015), or assessment of tourism destination (Gonzalez-Ramiro
et al., 2016) and it can be a powerful tool to manage and promote tourism destinations (Mango
et al., 2020). In the tourism context, the hospitality sector also has explored the use of Geomar-
keting and GIS (Dusek et al., 2019; Feng & Morrison, 2002) and the hospitality research has
applied geolocation and GIS to analyse room price (Kim et al., 2020; Latinopoulos, 2018; Soler
& Gemar, 2018; Zhang et al., 20011b); hotel agglomeration and competition (Lee, 2015; Lee &
Jang, 2015; Urtasun & Gutiérrez, 2017) or hotel location (Fang et al., 2019; Fang et al., 2020;
Yang et al., 2015).

The purpose of this chapter is to illustrate the use of geolocation and GIS descriptively in the
hotel sector and more specifically, the use of geolocation for an analysis of the existing compe-
tition in the hotel offer in the city of Barcelona.

2. GEOLOCATION AND GIS IN HOSPITALITY

In recent years, Yan et al., (2014) claimed for the incorporation of the use of geographic infor-
mation system to analyze in a more complete and sophisticated way hotel industry. Hospitality
scholars have increasingly attempted to incorporate the use of geolocation and GIS to address
this issue and how the lodging industry could be affected by their geographic location, but
analysis with spatial data requires more sophisticated techniques which account for spatial het-
erogeneity and spatial dependence (Nicholls & Kim, 2019). Also, hospitality researchers have
had to use techniques such as Geographically Weighted Regression (GWR) or Geographically
Weighted Poisson Regression (GWPR) (Fotheringham et al., 2002) because the global models
(conventional multivariate regressions) can hide the local relationship between the dependent
and explanatory variables (Nicholls & Kim, 2019). These advanced regressions techniques can
be managed by programming with software such as R or GWR 4 Software or by advanced sta-
tistical packages such as ArcGIS.

One stream of research has investigated hotel location with GIS (Fang et al., 2019; Fang et al.,
2020; Yang et al., 2015). For new hotels, geolocation is a useful tool to support location deci-
sions, a crucial decision (Yang et al., 2012) because it is almost impossible to relocate a hotel
after it has opened (Fang et al., 2019). With the right location decision, a hotel can enjoy higher
occupancy (Luo & Yang, 2016), it can attract more customers (Yang et al., 2012) because hotel
location can significantly impact hotel choice (Chu & Choi, 2000) and it can raise profitability
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(Luo &Yang, 2016). Recently, hospitality research has analyzed hotel location decisions through
geolocation and GIS to apply modelization methods to account for spatial heterogeneity and
spatial autocorrelation. Fang et al. (2019) and Fang et al. (2020) incorporated GIS in the analysis
of hotel location choice and they concluded that the factors which impact hotel location change
across regions. Additionally, Fang et al. (2019) concluded that global model estimation may not
capture efficiently the hotel location choice.

On the other hand, through geolocation and GIS, hospitality research has evaluated price deter-
minants (Kim et al., 2020; Latinopoulos, 2018; Soler & Gemar, 2018; Zhang et al., 20011b). For
hotel room prices in Beijing, Zhang et al., (2011b) used GWR to obtain a hedonic price model,
finding a significant spatial variation within all the independent variables. Similarly, Latinop-
oulos (2018) analyzed the effect of a sea view on hotel prices in Halkidiki, Greece, and found
that its effect varies across areas. Both Soler & Gemar (2018) with a sample of hotels in Malaga
(Spain) and Kim et al. (2020) with a sample of hotels in Chicago found that the relationships
between room price and hotel attributes and location attributes are spatially varying.

Additionally, spatial with geolocation and GIS hospitality research has investigated price com-
petition and differentiation strategy (Lee, 2015), and agglomerations effect on hotel performance
(Lee & Jang, 2015; Urtasun & Gutiérrez, 2017).

The purpose of this chapter is to show in a managerial way how the use of geolocation and GIS
allows analysing the competitive intensity of the hotel sector in a destination.

3. AGGLOMERATION AND COMPETITION IN THE HOTEL INDUSTRY

On the one hand, from the Industrial Organization approach, the theoretical argumentation
(Shaked & Sutton, 1982) establishes a price decrease when there is an increase in the degree
of local competition with empirical evidence that supports this negative effect of competition
on price within the hotel sector (Abrate et al., 2012; Balaguer & Pernias, 2013; Becerra et al.,
2013), so that the greater the number of hotels the greater is the decrease in the average price of
the room.

On the other hand, in contrast to the theory from the Industrial Organization approach, a pos-
itive relationship between the set of selected tourist activities available in an area and their
economic result are proposed by the Central Place Theory (CPT) (King, 1984; Daniels, 2007)
as hotels tend to be located next to each other to improve supply and efficiency and to be able
to survive (Yang et al., 2012). Additionally, the Agglomeration Theory (McCann & Folta, 2008)
postulates that benefits can be obtained from hotel agglomeration, such as exogenous factors
(other companies that attract tourists), reduction of the cost of consumer search leading to in-
creased demand (Baum & Haveman, 1997), or the creation of endogenous externalities. Based
on these theories, a positive relationship between hotel benefits and agglomeration is postulated,
which has been empirically supported within the hotel sector (Chung & Kalnins, 2001; Lee &
Jang 2015; Silva, 2016).

However, the differentiation strategy can be affected by the hotel agglomeration. On the one
hand, differentiation can reduce the risk of failure of hotels (Baum & Mezias, 1992) and allows
to reduce the possible negative effects associated with greater competition. Thus, lodging liter-
ature has promoted differentiated hotel agglomerations. On the other hand, hotels with great-
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er differentiation may be the most affected by agglomeration externalities (Chung & Kalnins,
2001) since hotels less differentiation can capture most of the benefits of agglomeration, and
depending on market demand, there is the possibility of benefits in undifferentiated agglomer-
ations (Lee & Jang, 2015), so differentiation may not be an adequate strategy. In addition, the
Strategic Equilibrium Theory (Deephouse, 1999) propounds the dilemma between conformity
or differentiation from competitors and postulates that the degree of differentiation of hotels is
established based on competition (Kim et al., 2020).

4. APPLICATION OF GEOLOCATION
IN THE SPATIAL COMPETITION ANALYSIS: BARCELONA HOTELS

Next, we are going to use geolocation to analyze the competitive intensity of a database that
includes a sample of hotels in the city of Barcelona (one of the most important tourist cities in
Europe) in 2017 when it was ranked the sixth place in the Top 15 European Cities — Total Bed-
nights 2017 with 18,791,180 overnight stays (European Cities Marketing, 2018).

The sample of hotels was obtained with the combination of web analysis techniques together
with an information system from an international tourism intermediary (Paulizt & Napierala,
2017). Regarding the web analysis techniques, an online monitoring system was developed to
crawl data directly from web pages of lodging establishments. This monitoring system was
based on tools for tracking and data extraction from the Internet. Specifically, for this study
the R software (Team R Core, 2020) was used through the “Rcrawler” package (Khalil, 2018;
Khalil & Fakir, 2017) for the development of the monitoring system. As a result, a sample with
217 hotels located in Barcelona was obtained and we can obtain the following information for
each hotel in the sample:

* Hotel name.

* Hotel Age. number of years in operation for each hotel.

*  Number of rooms. size of each hotel measure as total number of rooms.

* Category. Star rating of the hotel measured from one to five stars and officially assigned
by the autonomous Government of Catalonia.

* Room Price. For each hotel, we obtained the yearly average room rate in euros for a
standard double room during the year 2017. For a deeper analysis of competitor prices,
we consider the standard double room because is the usual price employed in the hos-
pitality research ( Sdnchez-Perez et al., 2019) and the average room rate because room
price may suffer variations caused by distribution channel, season, or the occurrence of
commercial events. However, the average is more reliable since it is free of these price
variations (Lee, 2015).

* Available services. For each hotel, we collect information about availability of several
services, including hotel-style, food services, payment methods and sports activities
(Yang et al., 2016; Latinopoulos, 2018; Soler et al., 2019). With this information, we con-
sider a V; vector based on dummy variables related to each of the services considered.

* GPS coordinates. To geolocate the hotels in the sample, we crawl the GPS coordinates
for all of them. Thus, we collect the Longitude and Latitude for each hotel.

Secondly, from the information provide by an international tourism wholesaler, we add the fol-
lowing information for each hotel in the sample:
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Table 1. Sample descriptive statistics for hotels in Barcelona

Mean St. dev. Min It Quart [Median [3" Quart |Max
Age 2002.728 [11.032 1865 2001 2004 2007 2016
Number of rooms 102.507 |87.787 5 52 79 113 500
Consumer average score | 7.061 2.157 0 7 7.8 8.1 9.4
Room price 93.603 107.604 |34.34 55.61 71.92 96.40 1224.16
Horizontal differentiation |0.224 0.285 0 0 0 0.5 1
Barcelona areas % Barcelona areas %
Airport Zone 0.461 La Rabassada 0.461
Barrio Gotico 7.373 Las Ramblas 9.677
Camp Nou 1.843 Parallel 2.304
Ciutadella/Villa Olimpica |2.765 Paseo de Gracia 7.373
Ciutat Vella/ El Raval 1.382 Paseo Maritimo/Playa | 1.843
Diagonal Mar 2.765 Plaza Catalunya 7.373
Eixample 25.806 Poblenou 1.843
El Born 3.687 Puerto de Barcelona |0.461
El Guinardo 0.461 Sagrada Familia 2.304
Gracia 1.843 Sants-Montjuic 6.912
La Diagonal 5.991 Sarria-Sant Gervasi  |4.147
La Maquinista 0.461 Vall D’Hebron 0.461
Category %
1 star 0.922
2 stars 10.599
3 stars 32.719
4 stars 47.465
5 stars 8.295

Source: Own elaboration

* Area. This is the commercial zone for each hotel. We consider the 24 commercial ar-
eas traditionally defined in Barcelona by the intermediaries as geographical competi-
tion areas because is a common practice for a better analysis of the hotel competition
(Balaguer & Pernias, 2013) and hotel location choice (Yang et al., 2012).

» Consumers Average Score. The yearly average valuation made by the customers of
each hotel in 2017. This rating made by the customers and published on the web por-
tal is a numerical valuation ranging from zero (the worst evaluation) to ten (the best
evaluation). Similar approaches were considered in the hospitality research to measure
reputation information about hotels (Yang et al., 2016; Zhang et al., 2011a).

Finally, from the information of available services for each hotel included in the vector V;and
from the information of commercial zones, we consider an index of horizontal differentiation:
* Hotel Differentiation. To measure the degree of services differentiation for each hotel i
respect to the hotel located in the same commercial zone Z,, we consider the following
index (Chisholm et al., 2010; Sanchez-Pérez et al., 2020):

, S —mi -1 Vi'Vj) 3 1
(Hotel Dif ferentiation) r}rélzri1<cos WA /(2) 1)

It takes values between 0 (the minimum differentiation) and 1 (the maximum differentiation).
Table 1 shows the sample descriptive statistics obtained with all hotels in the sample. Now, for
a better understanding of the extensive information contained in the database, we will make

use of geolocation and mapping. With the GPS coordinates obtained in the previous stage and
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with the R package ,,sf” (Pebesma, 2018) a geographic database can be obtained with all the
variables previously described. For the visualization of the information through maps, the R
“mapview” package was used (Appelhans et al., 2019). The package “mapview” employs Open-
StreetMap® to map the geographic information. Thus, we can visually analyze the hotel supply
of the establishments included in the sample of hotels located in the city of Barcelona. First, we
show the computer code to load the packages in R and access our sample of hotels:
>library(sf) #To load the package sf

>library(mapview) #To load the package mapview

#To load the database with the sample of hotels in Barcelona#
>Barcelona<-read.table(,Hotel Barcelona.csv’,header=T,sep=="|",dec=",")

The object Barcelona is a data.frame object in R which includes two variables Longitude
and Latitude with the GPS coordinates of each hotel. Next, with the function st _as _ sf
from “sf” package, we obtain a geolocated data frame:

>Barcelona.sf<st as _
sf(Barcelona,coords=c(,Longitude”,”Latitude”),crs=4326)

#Argument coords=the colums of the database with the GPS

coordinates

#Argument crs=coordinate reference system

Through geolocation, we can visualize all the characteristics included in the database by map-
ping the sample of hotels. Figure 1 shows an interactive map with the distribution of hotels in
the sample by commercial areas defined in Barcelona. The map, which contains all the variables
in the database, is obtained with the function mapviev from “mapview” package:
>mapview(Barcelona, burst=TRUE, homebutton=FALSE,alpha.region=1)
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1a Barca de Gramenet BADALONA. Airport zone
- Barrio Gotico
° Camp Nou
® CartoDB Positron P Ciutadella/ Villa Olimpica
) CartoDB.DarkMatter S wH\m a de CIUTAT VELLA/ EL RAVAL
) OpenstreetMap ) ; DIAGONAL MAR
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) Esri.Worldimagery
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) OpenTopoMap EL GUINARDO
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La Magquinista
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sant Boi de Sarria-Sant Gervasi
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2km
Tmi Leaflet | © OpenStreetMap contributors © CARTO

Figure 1. Hotel sample geolocation by commercial zone
Source: Own elaboration through the use of OpenStreetMap® and Contributors

With the left menu, we can mapping all variables includes in the database. Figure 2 map the ho-
tels included in the sample by hotel category. Each hotel point in the map can show the features
included in the dataset. This is very useful to hotel managers because they can better visualize
the characteristics of hotels around their hotels and they can better take over the degree of com-
petition intensity in the room price, online reputation, or service differentiation.

590



THE USE OF GEOLOCATION FOR COMPETITION ANALYSIS OF DESTINATIONS:
APPLICATION TO THE HOTEL SUPPLY IN BARCELONA

| Feature ID
1 Hotel
2Zone
3Age

4 Number of rooms

5 Category

6 Consumers Average Score

7 Room Price

8 Horizontal Differentiation

9 geometry

15

La Maquinista
2004
92
3stars
77
54

05 §
sfc_POINT

Leaf

Category

fiet | © OpenStreetMap contributors

Figure 2. Hotel sample geolocation by hotel category
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Source: Own elaboration through the use of OpenStreetMap® and Contributors

Table 2. Sample descriptive statistics for hotels in Las Ramblas

Mean St. dev. Min It Quart | Median | 3™ Quart Max
Age 1997 30.930 1865 2002 2005 2007 2013
Number of rooms 98.71 67.209 14 45 83 131 255
Consumer average score 6.833 2.464 0 6.2 7.7 8.2 9
Room price 83.5 41.942 47.62 57.94 68.95 86.18 224.07
Horizontal Differentiation 0.178 0.269 0 0 0 0.392 0.732
Category %
1 star 0
2 stars 14.286
3 stars 42.857
4 stars 33.333
5 stars 9.524

Source: Own elaboration

To illustrate how geolocation can help hotel managers to carry out competitive analysis, we
consider a hotel manager whose hotel is located in the commercial area ‘Las Ramblas’. The de-
scriptive statistics for all hotels in this commercial zone are showed in Table 2. With R, we can
obtain a data.frame with only the hotels located in the area ‘Las Ramblas’:

>Las Ramblas<-Barcelona[Zone%in%c(,Las Ramblas’),]

Additionally, Figure 3 shows the spatial distribution by hotel category and hotel differentiation
in services in this zone:

>mapview(Las Ramblas,zcol='Category’,alpha.region=1l) #Figure 3a
>mapview(Las Ramblas,zcol="Hotel Differentiation’,alpha.
region=1)#Figure 3b

The hotel supply in ‘Las Ramblas’ shows a preeminence of hotels between 3 and 4 stars and

where there are few 2 and 5 stars hotels. Regarding hotel differentiation in services, most of the
hotels located in this area offer similar services and are little differentiated horizontally.
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Figure 3. Spatial distribution by category and hotel differentiation in area ‘Las Ramblas’.
Source: Own elaboration through the use of OpenStreetMap® and Contributors

Similarly, Figure 4 shows the spatial distribution for room price and consumer average score in
‘Las Ramblas’:

>mapview(Las Ramblas,zcol='Room Price’,alpha.region=l)#Figure 4a
>mapview(Las Ramblas,zcol='Consumers Average Score’,alpha.
region=1)#Figure 4b

Most hotels in this area have a room price between 50 and 80 euros, with just few hotels exceeding
100 euros, and only a hotel whose room price exceeds 200 euros. Concerning consumer score, this
commercial area has a high online reputation, since the hotels located in it are highly valued by con-
sumers except for a few hotels whose valuation is much lower than the rest of the hotels in the area
and their managers must analyze the reasons why they are less valued than their direct competition.

In summary, ‘Las Ramblas’ area stands out for its offer of hotels between 3 and 4 stars where a
few hotels have mainly differentiated their offer of services. It is an area well valued by previous
consumers and the average room price is mostly between 50 and 80 euros per night.

Las_Ramblas - Room Price
Las_Ramblas - Consumers Average Score
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Leaflet | © OpenStreetMap contributors © CARTO Leaflet | © OpenStreethMap contributors © CARTO
b

Figure 4. Spatial distribution by room price and consumer score in ‘Las Ramblas
Source: Own elaboration through the use of OpenStreetMap® and Contributors
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Table 3. Sample descriptive statistics for hotels in ‘Barrio Goético’ and ‘Paseo de Gracia’

Barrio Gotico

Mean St. dev. Min It Quart [Median [3" Quart |Max
Age 2001 8.065 1981 1995 2003 2006 2013
Number of rooms 70.12 52.321 9 3775 60.50 78.50 197
Consumer average score |6.269 1.927 0 5.925 6.450 7.575 8
Room price 136.84 229.508 [43.36 54.26 62.93 97.64 983.12
Horizontal Differentiation |0.147 0.267 0 0 0 0.125 0.732

Paseo de Gracia

Mean St. dev. Min 1 Quart |Median 34 Quart |Max
Age 2005 1997 2003 2007 2008 2010
Number of rooms 103.9 28 65 91 127.8 235
Consumer average score [ 6.85 0 7.25 7.9 8.125 8.7
Room price 132.96 73.58 103.16 114.62 143.29 277.49
Horizontal Differentiation |0.327 0 0 0.399 0.529 0.654
Barrio Gotico Paseo de Gracia
Category % Category |%
1 star 0 1 star 0
2 stars 6.25 2 stars 0
3 stars 50 3 stars 6.25
4 stars 37.5 4 stars 68.75
5 stars 6.25 5 stars 25

Source: Own elaboration

To illustrate how geolocation can help hotel firms in location decisions, we suppose that a com-
pany wants to open a new hotel in Barcelona and has considered for its location the area called
‘Barrio Gotico’ and the area called ‘Paseo de Gracia’. The data.frame in R with two areas is

obtained as follows:

>Loc Decisions<-Barcelona[Zone%in%c(,Barrio Gotico’,’Paseo de

Gracia’),]

Table 3 describes the main measures for both commercial areas of the characteristics included
in the analysis. Similar to the previous examples, R can show the spatial distribution for two

areas (Figure 5).

Barrio Gotico

B Barrio Gotico ¢

Paseo de Gracia

B Paseo de Gracia

£

Leaflet | © OpensStreetMap contributors © CARTO

Figure 5. Spatial distribution for ‘Paseo de Gracia’ and ‘Barrio Gético’ areas
Source: Own elaboration through the use of OpenStreetMap® and Contributors
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Through geolocation and mapping, we can analyze the characteristics of both areas and based
on the results make a more accurate decision. Both areas have a similar number of hotel estab-
lishments and if we analyze the supply by the number of rooms available (Figure 6), we can
show the number of rooms available in each of the establishments in both areas. We can see
that, even though there is the same number of establishments, the bed supply available in each
of them is generally greater in ‘Paseo de Gracia’ area than in ‘Barrio Gotico’ area. Similarly,
hotels in the first zone are newer than hotels in the second zone.

Hotel_Location_Decision - Ag

1,985
1,990
1,995
2,000
2,005

2010

Hotel_Location_Decision - Number of roor

Leaflet | © OpenStreetMap contributors © C Leaflet | © OpenStreetMap contributors © CA
Figure 6. Spatial distribution by size and age in ‘Paseo de Gracia’ and ‘Barrio Gotico’ areas
Source: Own elaboration through the use of OpenStreetMap® and Contributors

Lesflet | © OpenStresthiap contrbutors © CARTO Leaiet | © OpenSireethap contbutors © CARTO

Figure 7. Spatial distribution by category and hotel differentiation
in ‘Paseo de Gracia’ and ‘Barrio Gotico’ areas.

Source: Own elaboration through the use of OpenStreetMap® and Contributors

Figure 7 depicts the spatial distribution of hotel category and hotel differentiation in services
in both zones. Most hotels in ‘Paseo de Gracia’ are hotels with 4 and 5 stars whereas hotels in
‘Barrio Gotico’ show a preeminence for a hotel with 3 and 4 stars, and just a few hotels of 2 and
5 stars. Thus, in the case of ‘Paseo de Gracia’ area, there is a hotel supply more vertical differ-
entiated (Becerra et al., 2013; Makadok & Ross, 2013; Silva, 2015) than ‘Barrio Gotico’ area.
Regarding hotel differentiation in services, hotels located in Barrio Gético offer similar services
with some exceptions, whereas in ‘Paseo de Gracia’, services offered are wider and with more
different services.
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Figure 8. Spatial distribution by room price and hotel differentiation
in ‘Paseo de Gracia’ and ‘Barrio Gotico’ areas.

Source: Own elaboration through the use of OpenStreetMap® and Contributors

Concerning room price, as a key competitive variable (Figure 8), ‘Paseo de Gracia’ area shows a
greater number of establishments with prices between 100 and 150 euros per night, with two ho-
tels with an average price between 150 and 200 euros and a single hotel with a price above 200
euros. Most hotels in ‘Barrio Gético” show a price between 50 and 100 euros and some of them
with prices lower than 50 euros. Only one hotel sets prices above 200 euros and as an exception
a hotel sets prices above 500 euros. Regarding the users’ review, most of the hotels in ‘Paseo
de Gracia’ area show a high reputation, close to 8 points (out 10) and some hotels show aver-
age scores around 6. Two hotels show very low evaluations. On the other hand, in the ‘Barrio
Gotico’ area, hotels are usually valued at around 6 points, while there are some establishments
whose valuation is close to 8 and only one hotel has a low score.

After this analysis, we can conclude that ‘Paseo de Gracia’ area has a supply of newer hotels
and a higher number of available beds than the supply of ‘Barrio Gotico’. The ‘Paseo de Gracia’
area has also hotels that are more vertically and horizontally differentiated than hotels in ‘Barrio
Gotico’. However, the online reputation among consumers in both areas is very similar and is
only slightly higher in ‘Paseo de Gracia’. Finally, the room price in ‘Paseo de Gracia’ is usually
between 100 and 150 euros while in ‘Barrio Gético’ the price is usually between 50 and 100
euros. With the information, the company can make a better decision about the location of a new
hotel in Barcelona, and provides more accurate details about the hotel.

5. FUTURE RESEARCH DIRECTIONS

From a methodological point of view, the use of geolocation and GIS could promote the use of
modelization techniques that can account for spatial heterogeneity and spatial autocorrelation.
These modelization techniques can bring an alternative analysis of competition in the lodging
industry more accurate than traditional techniques (Nicholls, 2019).

The geographic information found on the Internet can be crawled with a dynamic monitoring

system dynamic that allows to constantly update the information of each establishment and
consequently allows to monitor the degree of competition in a destination.
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6. CONCLUSION

This chapter tries to illustrate the use of geolocation within the hotel context and specifically
how through the use of geolocation and GIS the degree of hotel competitive intensity in a tourist
destination can be evaluated. The incorporation of geolocation in the analysis of hotel competi-
tion provides more complete and accurate information on each of the areas or zones within the
same tourist destination and allows a better evaluation of the competitiveness between these
areas, in line with the interest in evaluating the competitiveness that exists within the current
tourism context (World Economic Forum, 2019). Finally, the incorporation of geolocation is
also relevant for improving the consumer’s hotel choice process.
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